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Are inputs and predictions self-consistent between each other?

(=
BI D BES.E INPUT SIMULTANEOUS COMPARISON WITH OBSERVATIONS SREDICTIONS
: .‘«.L,r

A A A
Big Data applications for Black hole Evolution Studies ‘ 1
R
=) \ s =
i \
‘ »
Stellar mass ‘_ SMHM Star formation
fUl lbt;Ull > lciatiun : |;otU| y >
M, My, t t

DECODE u S “

Discrete statistical
sEmi-empiriCal mODEI

$(Mp)
¢(M.)

Satellites abundance

Halo mass function

v

v

M, Dark matter merger M.
trees

The evolution of surviving and merging satellites,

via stripping or star formation, impacts the predictions
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Quenching

Mass quenching
Morphological quenching
Environmental quenching
Feedback from central SMBHs
Mergers
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Both quenching scenarios
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